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[22]

A Review of Researches on Reforms of Talents Training in Artificial Intelligence
Enabled Colleges and Universities

LIU Dejian
(Faculty of Education, Beijing Normal University, Beijing 100875)

[Abstract] "Artificial intelligence + higher education" is promoted by relevant policies, and the reform
of talent training mode in colleges and universities with intelligent technology has become the focus of the
policy. "Artificial intelligence + higher education" is in the stage of educational informationization 2.0, and
it essentially puts emphasis on the comprehensive reform of higher education by intelligent technology.
Social cognitive analysis shows that the public pays attention to talent training in "artificial intelligence +
higher education" and the application of intelligent technology in "artificial intelligence + talent training".
The current research on "Al+ higher education" attaches great importance to learning analysis technology
and adaptive learning to support students” learning, the ability transformation and continuous improvement
of future teachers , process reform and new evaluation in teaching management, construction and open
sharing of teaching resources, technology upgrades in learning environment and environment design. In the

future, the talent training of colleges and universities empowered by Al needs to be gradually integrated
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from the aspects of students, teachers and schools, and it is necessary to improve learning, teaching,
management, resources and environment for ultimately realizing the comprehensive reform of the talent
training mode of colleges and universities.

[Keywords] Artificial Intelligence; Colleges and Universities; Talent Training; Empowerment; Reform
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Construction and Application of An Adaptive Test Push Model for Cognitive
Diagnosis

YE Haizhi, YANG Liu, HUANG Hongtao, MEI Yujiao
(Institute of Education, Henan Normal University, Xinxiang Henan 453007)

[Abstract] The deep integration of cognitive diagnosis and education can promote the development of
personalized learning. In the cognitive diagnostic test, the matching degree between the learner’s ability
and test difficulty directly affects the accuracy of diagnostic results. However, at present, the cognitive
diagnosis cannot accurately calibrate the learner’s ability and test difficulty, which leads to teachers’
inability to accurately judge students” learning status. In order to solve that problem, a text push model
adapted by the student’s ability level for cognitive diagnosis is constructed. First, the Rasch model is used
to perform logarithmic transformation on the raw data of the item bank, then the difficulty level of the test
item and the learner’s initial ability level are calibrated in the same isometric ruler. Learners with different
ability levels are provided with corresponding test questions in the test, and the learner’s ability level will
be updated after each test. The result indicates that the text push model adapted by the student’s ability
level for cognitive diagnosis can make the difficulty of test items exactly match the learner’s ability, further
improve the accuracy of cognitive diagnosis, improves the learning efficiency of students and promotes the
development of personalized education.

[Keywords] Cognitive Diagnosis; Rasch Model; Adaptive Ability Level; Test Push Model; Personalized

Learning
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